46

BE A3 =F A Holghu o]~ A 34 A A 1 5(20072)

2 <Al YL B Y vl azofulol
do|ete] E77] A
(Building a Classifier for Integrated Microarray Datasets
through Two-Stage Approach)

=] t = T =y
gga’ o3z o o

(Youngmi Yoon) (Jongchan Lee) (Sanghyun Park)

2 o wmlo]lazoge] dolghke Tl & W fxAe] #HE s XISt A7) wEel AW
d A R0l vl FE85HA A1tk ey Y AESH FAg @A Ay SyE AT
el A AAFE mlo]lazojgole] BAANE AR tE2A Jehd & Stk ol tigk FE olf= shte]
vlo]Z2ojgo] A Fdst ME 7t AgHHo]7] wEolth WA NEH T S mlo]AZ ol
o] Holets BHsted AZ] 5 8l AL, Bop AFg B4S sted Qo] v Fosith 2 a7
olX= olo] ik A Wete g F T %j:m“én“’ ARbgth. Al 1 AN E JEHoE AdE Y
FA9 vlelazojd o] Heolets T3 F AXHE|H(Informative) FAAE FE3 A 2 GANME
Q¥ U E|H FAANE o]gdte] Fes EF(Classification) I & BRAS &34 o] EFAE ¢
2 H2ZE AZ uojete] A& 4 fé. A7 HW wlo]agolgo] dlolets FF3st A
AR5 vl Wyle] nis] JEr) A 2419% & ERAS 950 Y AL & 5 Ik
719 E @ vlo]le JAXEmtE ”}O]ﬂi‘ﬂ #lo] dlolel #4], wlo]zZojg o] tloje} B,
7], JAEMEE §14 =

=

>

Abstract Since microarray data acquire tens of thousands of gene expression values
simultaneously, they could be very useful in identifying the phenotypes of diseases. However, the
results of analyzing several microarray datasets which were independently carried out with the same
biological objectives, could turn out to be different. One of the main reasons is attributable to the
limited number of samples involved in one microarry experiment. In order to increase the classification
accuracy, it is desirable to augment the sample size by integrating and maximizing the use of
independently -conducted microarray datasets. In this paper, we propose a novel two-stage approach
which firstly integrates individual microarray datasets to overcome the problem caused by limited
number of samples, and identifies informative genes, secondly builds a classifier using only the
informative genes. The classifier from large samples by integrating independent microarray datasets
achieves high accuracy up to 24.19% increase as against other comparison methods, sensitivity, and
specificity on independent test sample dataset.
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