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DDI &< A& 98t B3l o g R okE-okE AFS A-2(Drug-Drug Interaction) ¥AS
o2 7|Eo] dHAA & AA W 4F o] gy e FE ARE ATccd F23 9EE g
2 ATl E= PCNN 2aS &83sle] 54 35 #4945 A6t ok 7IA 719 72 RE
A 7 BAE EE&H0E FEoH, AE 9Tt £ 2olE g §olE Hrth FH3MA 23]
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W71 ¢lell DDI'L3 Corpus HOJHE AH&ste] Blal Ads dgsiglon], 1 A3} 7]E A5 Hy Fy 3
715 AW 2.05%p FFE 4eS Bolw DDI ¥ FEoA a3l IHEdS Ssqlrh
» Keyword : &&-% 45 4-8(Drug-Drug Interaction), #7 F%(Relation Extraction), A% 2174w

(Deep Neural Network), HEl A'd(Multi-Channel)
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Table 1. Word embeddings of 5 version
#. of words Train corpus

1 2515686 PMC

2 2351706 PubMed

3 4087446 PMC and PubMed

4 5443656 Wikipedia and PubMed

5 650187 MedLine
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Fig. 1. Example of the position embedding
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Fig. 2. Architecture of the Multi-Channel Piecewise CNN model
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Table 2. Hyperparameter of the model

I3 EUSL 78419 DrugBank 9229 253/)9 rpefparanetel e

MedLine £¢f%#° =2 4% DDI'13 Corpust % Batch size 64

5021719 °FE7F A5x2(DDDS ¥E8sta 9o Word embedding size 200

™, DDI 3ol Advice, Effect, Mechanism, Int, POSIt(;C:\]nNeLZ?needld;Tfe 8126 3 ;O7 9

47FA 83 0111181 ol &3k %= False Number of filters ’1 (’)0’

S x3lslo] E 59 §-3o] EA) s} Dropout rate 0.45
DDI'13 cOrpusoﬂH g Eo] 4 vlolHe B Learning rate L

Gl A% F4e el AAY HAE AR okE B wele Python 7uhe] Keras Zelel 152

o] o]F°] DDI #AE FEst=d T2 d&& 8 gt Fd=Eon, 43S NVIDIA GeForce

A gormw, zf FAoA BA FEe et F GTX 1080 GPU7} Zz+€ PCelA a2t o
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Table 3. Experiment results on proposed model
and other models

Precision Recall Fi—score
CNN 66.50 67.31 66.90
Bi-LSTM 70.62 66.80 68.66
PCNN 70.58 68.18 69.36
MCCNN 69.94 70.44 70.19
MC-PCNN 71.97 70.85 71.41
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